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Handling Missing Data



NA handling methods



Filtering Out Missing Data



Filling In Missing Data

• Rather than filtering out missing data (and potentially discarding 
other data along with it), you may want to fill in the “holes” in any 
number of ways. For most purposes, the fillna method is the 
workhorse function to use. Calling fillna with a constant replaces 
missing values with that value.



Data Transformation

• Transforming Data Using a Function or Mapping

• data = pd.DataFrame({'food': ['bacon', 'pulled pork', 'bacon’,  
'Pastrami', 'corned beef', 'Bacon’, 'pastrami', 'honey ham', 'nova lox'], 
'ounces': [4, 3, 12, 6, 7.5, 8, 3, 5, 6]})

• meat_to_animal = { 'bacon': 'pig', 'pulled pork': 'pig', 'pastrami': 'cow', 
'corned beef': 'cow', 'honey ham': 'pig', 'nova lox': 'salmon' }



Replacing Values

• Filling in missing data with the fillna method is a special case of more 
general value replacement. As you’ve already seen, map can be used 
to modify a subset of values in an object but replace provides a 
simpler and more flexible way to do so



Renaming Axis Indexes



Discretization and Binning

• Continuous data is often discretized or otherwise separated into 
“bins” for analysis. Suppose you have data about a group of people in 
a study, and you want to group them into discrete age buckets



Python built-in string methods



Regular expression methods
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